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Gyroscopic Drift Forecasting Based on Immune Neural Network
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Abstract Back Propagation(BP) neural network can be used to forecast Gyroscopic drift. But BP algorithm inclines to fall into local extremum

and its training speed is very slow. To overcome the limitation, this paper presents a novel training method based on immune algorithm. The sample

output is regarded as the antigen and the weight matrix as antibody. Satisfied antibody can be found after cloning, mutating and restraining. The

trained immune neural network is used to forecast gyroscopic drift. Simulation experiments reveal that the algorithm is effective, and the model leads

to a precise result in gyroscopic drift forecasting.
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