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Model identification method based on SVM for FOG

WANG Yu, WU Jun
(School of Instrument Science and Engineering, Southeast University, Nanjing 210096, China)

Abstract: In view of the error characteristic of FOG, the function approximation method of Support Vector Machine
(SVM) was used to fit the input-output model of FOG. Then, from the perspective of inertial systems, the model was
used to filter the output signal of FOG. This can significantly restrain the spread of the sensors’ noise, and provide the
conditions for improving the accuracy of the whole inertial system. The test result shows that the output accuracy of
the model formed by SVM is better than that of the traditional calibration model when the system has low
requirements for real-time.
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Tab 1 OQutput error statistics of two models in static environment

WA FELE bR 8 B Ay R ZE (E/((°)/s) SVM HE R i 2= A5 /((°)/s)
FHMH Pk RMS SPIME Frift 2 RMS
1 -0.001 132 0.003 236 0.0034 -0.001329  0.000189 1 0.0013
2 -0.001 144 0.003 163 0.0034 -0.001324  0.000 173 3 0.0013
3 -0.000 993 0.002 968 0.0031 -0.001310  0.000 149 0 0.0013
4 -0.001 196 0.002 984 0.0032 -0.001310  0.000 165 1 0.0013
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